MeshPose: Unifying DensePose and 3D Body Mesh Reconstruction
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Motivation

meshpose.github.io
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€ Only 2D

Contribution

€ High 2D reprojection error
#9 3D mesh
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#9 3D mesh

Improve HMR Densepose metrics by > 50%.
AR-ready lightwelight architecture.
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“Equal contribution

MeshPose Architecture
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MeshPose: deliver low-poly body mesh by lling-in occluded vertices and lifting to 3D.
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VertexPose Supervision

Geometry-driven losses used to supervise VertexPose with DensePose ground-truth.
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From DensePose to MeshPose: Densepose only provides 2D annotation

of arbitrary surface points => Cannot directly solve HMR from it! — = nput ~ PARE  CLIFF  NIKI Point-HMR___ Ours
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MeshPose introduces layers and losses to solve HMR using DensePose. B _W'VVD




